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Project
Name

| ActiveMQ
| Camel
Derby
Groovy
HBase
Hive
JRuby

Lucene

Wicket

Description

Messaging and Integration Patterns server

Enterprise Integration Framework

Relational Database
Java-syntax-compatible OOP for JAVA

Distributed Scalable Data Store
Data Warehouse System for Hadoop
Ruby Programming Lang for JVM
Text Search Engine Library

Web Application Framework

Studied Releases

5.0.0,5.1.0,5.2.0,5.3.0,5.8.0

1.4.0,2.9.0,2.10.0,2.11.0

10.2.1.6,10.3.1.4,10.5.1.1

1.5.7, 1.6.0.Beta_1,
1.6.0.Beta 2

0.94.0,0.95.0,0.95.2
0.9.0, 0.10.0, 0.12.0
1.1, 1.4, 1.5, 1.7
23.0,290,3.0.0,3.1.0
1.3.0.betal, 1.3.0.beta2, 1.5.3

15
=,

#of

JSeatures

26-28
25-26
28
26-28
25-27
24.27
29-31
27-31
27

#of
training
samples

1884-3420
1515-8846

1963-2705

757-884

1059-1834
1416-2662

731-1614
805-2806

1672-2578

F 2 NICHE|

#of
testing
samples

691-1258

554-3293
723-995
274-319
380-674
514-981
263-595

292-1036

610-953

[6] S. Yatish, J. Jiarpakdee, P. Thongtanunam, and C. Tantithamthavorn, “Mining Software Defects: Should We Consider Affected Releases?”

in Proceedings of the International Conference on Software Engineering (ICSE), 2019, pp. 654—665.
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| LIME, SHAP, BreakDownZ {&#

FALSE TRUE

Prediction probabilities

FaLsE [N 0.57 0.10
TRUE CountDeclMethodP...
. 0.08
CountDeclMethodP...
0.07
CountDecIMethodDe...
CountDecIMethodPr..
0.06
higher & lower
f A 10C Va
0.03

B N N G R (((((

0.7 ' AvgLineComment =6 ' OWN_COMMIT =1 ' OWN_LINE =1 ' CountClassCoupled

intercept AD.HS
AvgLineComment = 6.0 } +0.051
CountDeclMethodProtected = 7.0 | +0.032
CountInput_Min = 1.0 l +0.004

CountDecliClassVariable = 0.0 0.0

RatioCommentToCode = 0.7 +0.027
+ all other factors -0.23
prediction 0.032

0 0.05 0.1 0.15 0.2 0.25

NI

dVHS

umoQyeaig

a'::::tli.c Top 5 features Raw values (%)

AvgLineComment 0.097 (12%)
CountDecIMethodProtected 0.077 (9%)

LIME CountDeclMethodPublic -0.073 (-9%)
CountDeclMethodDefault -0.066 (-7%)
CountDeclMethodPrivate -0.062 (-7%)

OWN_COMMIT -0.647 (-27%)
AvgLineComment 0.389 (16%)

SHAP OWN_LINE -0.365 (-15%)
RatioCommentToCode 0.312 (13%)
CountClassCoupled -0.177 (-7%)

OWN_COMMIT -0.120 (-34%)
AvgLineComment 0.050 (14%)

Break Dow OWN_LINE -0.035 (-10%)
CountDeclMethodProtected 0.032 (9%)
RatioCommentToCode 0.027 (7%)
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