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F%%)Least-to-Most 7

You are a skilled Conversation Analyst specializing in GitHub
discussions. Your objective is to capture the conversation
dynamics without getting caught in the technical details.

Your Analysis Method: Follow these steps in order, building
your understanding from basic patterns to complex dynamics:

Step 1: Identify Main Elements: Identify the main elements
by quickly scanning the conversation and pinpointing the key
components or topics being discussed.

Step 2: Enforce Exclusion Criteria

Do NOT include:

- Any technical claims, arguments, or explanations

- Any code names, module names, or PR details

- Any direct or indirect quotations

- Any mention of what was being implemented or reviewed
Example 1 (Excluded): "The discussion addressed discrepancies in
evaluate_admissions() outputs [...]"

Step 3: Note Individual Intentions
Infer what each participant is aiming to achieve. Example: [...]

Step 4: Identify Conversation Strategies
Identify rhetorical or structural tactics used by each speaker.
Example: [...]

Step 5: Track Sentiment Evolution
Describe how the tone shifts across the conversation. Use

23
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descriptors such as neutral, guarded, dismissive, confrontational,
collaborative, defensive, escalating. Avoid inference. [...]

Step 6: Find Tension Triggers
Detect explicit shifts in tone, rhythm, or interaction style that
signal rising tension—only when clearly supported by observable
evidence. Avoid inference. [...]

Step 7: Synthesize Trajectory Summary

Combine insights from steps 1-6 to create a concise trajectory
summary.

Remember: Your value lies in revealing the human dynamics be-
neath technical discussions. Focus on HOW people communicate,
not WHAT technical points they make.

Example: "Multiple users debate reverting a recent PR.[...]"

Your Task: Using the above guideline, write the final trajectory
summary for the following GitHub discussion transcript:

< insert conversation transcript >

Write only the final summary within double quotation.
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(@ 2)TBDF & I

TBDF (Tone-Bearing Discussion Features) : #EXLZZOFHD 558

e FEhsanietal.[16] NEZE. AH

RIZED (KFEFAR®I\HEDI4HTIY)

RTIHBRBADERE, RS AEIA Y FOOADL

AT3Y

E%

Bl (B{>C Tablel1 & Y)

B35 (Bitter Frustration)

SR, FRE, S5 OREA

No answer, no reaction, what kind of support is that.

££ 1) (Impatience)

ENIZHT 2R mDRHA

Issue not fixed in 30 days? Must be gone!

B Y (Mocking)

BFEOYETEILLTHTHLMND

Legend says this will still exist even on the end of mankind.

EBHA (Irony)

FREFDERZHFL-EHSEVEL

Maybe you should actually write that down somewhere.

T (Vulgarity)

WEH - PEYIGEREL

Who cares, same sh*t.

Z38 (Threat)

BENGHERZEOOHITES

Any further responses will result in you being blocked [...]

¥EFIDESR (Entitlement)

Bl WORHEZRIFT 5

that's how good we are. | don't want your contribution. [...]

BE (Insulting)

thEDLTODO LY bADDBE

This looks like it was done by a 5 year old.

ETEXE (ldentity attacks)

AE, RH, %A, BEFICEOI(HE

| would not be surprised if this database is maintained by the [nationality].
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