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Table 1: Sentiment analysis tools used for SE applications.

Tool Technique Trained on Used by

SentiStrength Rule-based MySpace [7-11] [15, 22, 24] [31, 33] [36]
NLTK/VADER Rule-based Micro-Blog 30] [28]

Stanford CoreNLP Recurs. Neural Net Movie Reviews 29], our work

EmoText Lexical Features Stack Overflow, JIRA  [2]

SentiStrength — SE SentiStrength JIRA (15]

Uddin and Khomh Sentim. Orientation [13] API Reviews 36
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Table 4: Dataset used for evaluating sentiment analysis tools
in software engineering

Dataset # sentences # positive # neutral # negative
Stack Overflow 1,500 178 1,191 131
App reviews 341 186 25 130

JIRA issue 926 290 0 636
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# correct positive  positive | neutral neutral | negative negative
dataset tool - .. .. .
prediction | precision recall precision recall precision recall
SentiStrength 1,043 0.200 0.359 0.858 0.772 0.397 0.433
NLTK 1,168 0.317 0.244 0.815 0.941 0.625 0.084
Stack Overflow ( Stanford CoreNLP 604 0.231 0.344 0.884 0.344 0.177 0.837
SentiStrength-SE 1,170 0.312 0.221 0.826 0.930 0.500 0.185
(Stanford CoreNLP SO 1,139 0.317 0.145 0.836 0.886 0.365 0365 )
SentiStrength 213 0.745 0.866 0.113 0.320 0.815 0.338
NLTK 184 0.751 0.812 0.093 0.440 1.000 0.169
App reviews Stanford CoreNLP 237 0.831 0.715 0.176 0.240 0.667 0.754
SentiStrength-SE 201 0.741 0.817 0.106 0.400 0.929 0.300
( Stanford CoreNLP SO 142 0.770 0.253 0.084 0.320 0.470 0.669
SentiStrength 714 0.850 0.921 - - 0.993 0.703
NLTK 276 0.840 0.362 - - 1.000 0.269
JIRA issues Stanford CoreNLP 626 0.726 0.621 - - 0.945 0.701
1 - 704 0.948 0.883 - - 0,996 0.704
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# correct positive  positive | neutral neutral | negative negative
dataset tool - .. .. ' s
prediction | precision recall precision recall precision recall
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NLTK 276 0.840 0.362 - - 1.000 0.269
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Stanford CoreNLP SO 333 0.635 0.252 - - 0.724 0.409
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