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TABLE I

STATISTICAL INFORMATION OF CORPUS SPLIT RESULTS

Language Training Validation Testing

Java 60,000 3,959 5,000
C# 60,000 6,817 5,000
Python 60,000 7,742 5,000
JavaScript 60,000 5,780 5,000
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Problem Description:

Assuming | have a column called df Text which contains text (more that 1 sentence) and | want to use polyglot Detector to detect the language and store the value in
a new column dff Text-Lang'] how do | ensure | also capture the other details like code and confidence ...

Code Snippet:

testEng ="This is English”
lang = Detector(testEng)
print(lang.language)

Title 1: How to detect the language and store the value in a pandas dataframe ?

Title 2: Polyglot Detector Detector Detector Detector

Q1-1: What is the score of Title 1 ?
A BEXCELLENT. B. GOOD. C. BORDERLINE. D. BAD.

Q2-1: What is the score of Title 2 ?
A BEXCELLENT. B. GOOD. C. BORDERLINE. D. BAD.

Q2-1: What do you think of Title 1 ? (multiple choices)
4_ Relevance GOOD. B. Conciseness GOOD. C. Expressiveness GOOD.

Q2-2: What do you think of Title 2 ? (multiple choices)
A. Relevance BAD. B. Conciseness BAD. C. Expressiveness BAD.

Fig. 4. A survey example used in our human study
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TABLE III
COMPARISON RESULTS BETWEEN OUR PROPOSED APPROACH AND STATE-OF-THE-ART BASELINES

A h Java C# Python JavaSeript
pproac Rouge-1 Rouge-2 Rouge-L | Rouge-1 Rouge-2 Rouge-L | Rouge-1 Rouge-2 Rouge-L | Rouge-1 Rouge-2 Rouge-L
BM25 10.045 1.150 0.294 10.183 1.760 0.552 11.443 1.475 10.487 9.782 1.182 9.205
NMT 18.017 3.393 17.166 | 18.656  4.885 17.850 | 19482  4.090 18.549 | 17.341 3.279 16.738
Transformer 12.689 1.957 12.332 | 12.252  2.046 12.115 14.125  2.236 13.602 | 13.153  2.082 12.751
BART 24.801 8.918 23343 | 23395  9.545 22286 | 27.272 10321  25.672 | 25421 0.724 24.095
Hybrid-DeepCom | 10.620 1.511 10232 | 12.346  2.684 11.884 | 11.512 1.853 11.156 | 14.103 2421 13.323
slsi=pA0iN= ) H, 7/ 8 ) 4 /6 5 O o 4 0 il . . 5. |64 4
29.328  10.968  27.262 [ 29.550 11.958  27.613 | 31.828 11.985  29.287 | 31.150 11.822  28.897
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TABLE IV
THE PERFORMANCE OF SOTI1TLE AND CopE2QUE WITH DIFFERENT COMBINATIONS OF INPUT MODES

Approach Java C# Python JavaScript
PI ' Rouge-1 Rouge-2 Rouge-L | Rouge-1 Rouge-2 Rouge-L | Rouge-1 Rouge-2 Rouge-L | Rouge-1 Rouge-2 Rouge-L
CodeZQuecege | 14.157  2.576 13.590 | 14.895 3.388 13.602 12.705 2.184 12.015 12.648 2.109 12.112
C SOTitlecode 15.064  2.644 14.255 15.445 3.525 14.255 13.534 2.236 12.801 13.467  2.295 12.952
|'E_| CodeZQuedes. | 21.213 6.042 20.637 | 22896  8.022 21.957 | 24.012 8.001 22,439 | 23.288 1979 22.310
J: C SOTitlegese | 24.586  9.101 23.083 | 24812 10.063 23439 | 26966 10408 25226 | 26.294 10.176 24922
Code2Que 22.021 6.787 21.075 | 23476  8.605 22.584 | 24.635 8.301 23.282 | 23.958 8.164 22.942
SOTitle 29.328  10.968 27.262 | 29.550 11.938 27.613 | 31.828 11.985 29.287 | 31.150 11.822  28.897
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Fig. 7. Rating distribution of human votes and each sector presents the

. . . _ Fig. 8. Advantages (+) and disadvantages (-) distribution of human comments.
proportion of votes with the corresponding rating score.

Each bar presents the count of corresponding perspective.
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Problem body : Title :

| see that | can append to a list while iterating over it ) ) o ]
Ground truth: Is it correct to append to a list while iterating over

1st = [1] it 2
for i in lst:

ii:;:??;ﬂduﬂ} BM25: lterating over partitions in Python

NMT: How to append to a list ?

Am | allowed to make use of this behavior? or is it discouraged? | note that the same can
not be said for set Hybrid-DeepCom: Appending a list to a list comprehension in

python
1st = set{[1])

for 1 in 1st: . - .
lst. add(i+1) Transformer: Python list comprehension

print(i)
BART: Python list append ()
Error: size changed during iteration. Code2Que: How to append to a list in python ?

SOTitle: Is it discouraged to append to a list while iterating over it ?

Fig. 6. The titles generated by SOTit le and baselines for a question post related to the Java programming language
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