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Family Technique Abbreviation
Statistical Naive Bayes NB
Techniques Smmple Logistic SL
Clnstesing K-means K-means
Techniques Expectation EM
echmques Maximization
Repeated Ripper
Incremental
Prunin to
Reduction
Ripple Down | Ridor
Rules
Neural Networks Radial Basis | RBFs
Functions
Nearest K-Nearest KNN
Neighbour Neighbour
Support  Vector | Sequential Mini- | SMO
Machines mal Optimization
J48 J48
Logistic LMT
Decision Trees Model Tree
using  Logistic
Regression
Bagging Bag+LMT,
Bag+NB,
Bag+SL,
Bag+SMO
and Bag+J48
Adaboost Ad+LMT,
Ad+NB, Ad+SL,
Ensemble Ad+SMO  and
Methods using Ad+J48
LMT, NB, SL, Rotation Forest RF+LMT,
SMO, and J48 RF+NB, RF+SL,
RF+SMO, and
RF+J48
Random Rsub+LMT,
Subspace Rsub+NB,
Rsub+SL,
Rsub+SMO,

and Rsub+J48
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Corpus Dataset | No. of Modules | Defective | Defective (%) |
~ CMi 305 BT 93
z TM1 10,878 2102 193
2 KC1 2,107 325 154
3 KC3 438 13 93
< RC3 (5] 61 88
x MW1 an3 31 76
‘Z‘f PC1 1,107 76 6.8
ay PC2 5,589 23 0.4
Z PC3 1563 160 10.2
4 PC4 1,458 178 12.2
- CM1 327 42 12.8
) TM1 7720 T612 308
= KC1 1,162 294 253
< KC3 194 36 18.5
b MWI 250 23 10
Z PCI 679 55 8.1
g PC2 722 16 22
3 PC3 1053 130 123

PC4 1,270 176 13.8

Ant 1.7 745 166 223

- Camel 1.6 965 188 19.5
& vy T4 241 16 6.6
& Jedit 4 306 75 2435
w Togdj | 133 3 352
2 Lucene 2.4 340 203 59.7
5 Poi 3 %) 281 63.6
& Tomcat 6 858 77 89
Xalan 2.6 885 441 464

Xerces 1.3 453 69 15.2
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Rank Technique

1

T3, 77,78

T2, T10

Scott-Knott
test (1st run)

Y

T1,T4,T6

SN

T5, T9

Rank Technique

1

T2, T5,T7

T1,T10
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Project 2
Technique 1 f['@ Technique 2 10x  ECTEN 10x
Technique 1 Technique 2 X Technique N
Technique 1 Technique 2 Technique N
Mean AUC Mean AUC Mean AUC
value value value
|| Scott-Knott
“|| test (1st run)
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Project M

Technique 1
Technique 1
| Technique 1

Mean AUC
value

Technique 2
Technique 2
| Technique 2

Mean AUC
value

Technique N
. I Technique N

Technique N

Mean AUC
value

\1‘0x

double Scott-Knott test
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Y

T3,T4,T6

SN

T8, T9

Scott-Knott
test (2nd run)

Rank Technique

1

T2, TS

Rank Technique

1

T2, T10

T1,7T7,T8

Scott-Knott
test (1st run)

Y

T3, T4, T6

SN

T5,T9
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Overall
Rank

Classification
Technique

Median
Rank

Average
Rank

Standard
Deviation

Ad+NB, EM, RBFs,
Ad+SL, RF+NB,
Rsub+NB, Ad+SMO,
K-means, KNN, NB,
SL, Bag+NB, Rsub+SL,
Ad+J48, Rsub+J48,
Ad+LMT, LMT, RF+SL,
Bag+SL, RF+J48,
Rsub+LMT,Bag+J48,
RF+LMT and Bag+LMT

32

3.03

0.97

Rsub+SMO, SMO,
RF+SMO, Ridor,
Bag+SMO, Ripper
and J48

791

1.04
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“‘Data quality: Some comments on the nasa software defect datasets,”
on Software Engineering no 9, pp. 1208-1215, 2013
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Overall
Rank

Classification
Technique

Median
Rank

Average
Rank

Standard
Deviation

Bag+J48, LMT, RF+J48,
SL, Bag+SL, RF+SL,
Rsub+SL, RF+LMT,
Rsub+LMT, and
Bag+LMT

1.22

1.24

(3]

RBFs, Ad+NB, KNN,
Ad+SL, RF+NB,

Rsub+NB, NB, Bag+NB,

Ad+SMO, Ad+J48,
Ad+LMT, and
Rsub+J48

2.61

FQ
(=)
3%

0.51

Ripper, EM., J48, and K-

means

572

5.58

Rsub+SMO, RF+SMO,
SMO, Ridor, and
Bag+SMO

7.66

7.4
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