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Postgre,Apache7ua Y = 7 b

Patchixfa D H & 0.04

Norm-indegree(F4&1HE) 0.0024 0.0065 0 0.18
INYF DR (%) 1.27 9.78 0 100
OS2 = T/AQOIT7RAFEEDH 13.92 4.14 | 20
A7 SN D A—)LEER(HB) 13.12 63.55 | 2370

Patchizfa DB E

Norm-indegree(Ex481E) 0.0026 0.0049 0 0.87
INYFDERFH%) .13 8.98 0 100
A2 =TAADIATRAFEEDH 734 18.18 | 20
A7 LS DA—ILEER(HA) 4624 9.76 3 2370
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Patch#%ia D & # 0.04

Norm-indegree(Ex$&{E) 0.0098 0.032 0 0.70
INYFDIEFA(%) 0.62 6.98 0 100
OS2 =T ADITHRAFEEDEH 5896 14.21 0 79
A7 LUSNDA—ILEER(HRA) 13.87 54.44 | 1648
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| Variable I Apache Model I Postgres Model I Python Model I
Coef. z P >|Z] Coef. Z P =|Z] Coef. Z P =|Z|
tpl (0-6 months) -6.69 | -2.97 0.003 -20.63 | -10.62 0.000 1.10 0.67 0.5
tp2 (6-12) -6.00 | -2.66 | 0.008 -5.20 -2.32 0.021 1.18 0.69 0.492
tp3d (12-24) -6.48 2.7 0.007 -6.51 -2.9 0.004 0.098 0.06 0.955
tpd (24-36) -T.08 | -2.093 0.003 577 -3.00 0.003 -0.23 -0.13 0.9
tp5 (36-48) -6.79 | -2.53 0.011 -5.98 -2.88 0.004 0.10 0.06 0.96
tp6 (48-60) -8.16 | -2.60 0.009 -8.14 -2.88 0.004 0.91 0.47 0.64
indegree® 61.21 2.78 0.005 T2.2 5.46 0.000 5.49 2.92 0.004
patch™® 2.71 5.09 0.000 0.958 1.42 0.154 2.00 5.95 0.000
acceptance_rate® 0.15 2.03 0.043 0.0039 0.45 0.656 0.0062 0.10 0.918
sent_cum™ 0.014 4.20 0.000 00158 1.16 0.246 0.0041 1.86 0.062
devs_cum 0.14 1.84 0.066 1.09 217 0.03 0.14 2.581 0.005
time_trend -0.91 | -1.90 0.057 -2.06 -1.93 0.054 -1.46 -3.19 0.001

Table 3. Results of Hazard rate model fit. Coefficients represent log-proportional effect of the relevant variable on the hazard
rate. For example, in the case of Apache, prior experience of patch acceptance (binary variable) increases the rate by e2-71,
or nearly 15 fold. tpl, tp2, etc. are time periods with ranges marked in months. Note that in Postgres and Apache the rate
increases and then decreases as we move through from tpl to tpd. Since there are very few non-developers that stay past 4 years,
the interpretation beyond this point is unclear.
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