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Model 1 Model IV
Main Treatment Effect
[s post-treatment —0.24(0.01)"™ —0.08(0. ﬂﬁ)”"inde
[s treated group? 0.24(0.02)"™  0.01(0,00
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Table 3: Characterizing the developers attracted by tweets

AE LB A O FF ] A

Model VII Model VIII Model IX
(is attracted) (30-day commits) (disengagement)

Project controls

Project age (log) —-0.03 (0.01)™ 0.13 (0.03)™
Project contribs (log) —0.08 (0.01)™*  0.11 (0.03)™"
Project commits (log) 0.07 (0.01)™* —0.17 (0.02)™*
Developer Characteristics

GITHUB tenure (log)  —0.36 (0.13)** —0.00 (0.01)  —0.02 (0.04)

GITHUB commits (log)  0.01 (0.05)  —0.02 (0.01)**  0.01 (0.01)

Has GITHUB collab. 1.47 (0.13)** |[0.06 (0.02)** | F0.34 (0.05)***

Has Twitter interact. 0.07 (0.03)" 0.01 (0.07)
Twitter tenure (log) 0.15 (0.10)
Num. tweets (log) —0.44 (0.07)™*

Ratio original tweets 0.84 (0.28)**

Num. obs. 1,914 2,192 2, 281

“p < 0.05"p < 0.01; " p < 0.001
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Table 1: The definitions of the variables in our models.

Outcome Variables

MNumber of new
stars

Number of new

committers

The number of stars received by the mentioned repository
during the observation period.
Analogous to stars. New committers are defined as devel-

opers never made commit or sent pull request to the focal
repository before the tweet mention.

Tweet Burst Characteristics

Number of likes
Number of

original tweets
Number of
retweets

Average tweet
length

Has hashtags

Iz from
committers

Is promotional

Sum of Twitter likes across all tweets in a burst.
Tweet count in a burst, excluding retweets.

Retweet count in a burst.

Measured characters; longer, more descriptive tweets can
convey more information and may have stronger effects.
The VIF test revealed collinearity with Number of original
tweets and it was thus removed in the final model.

True if more than half of the tweets in the burst contain
hashtags (we also use "any tweet in the burst contains hash-
tags’ as alternative construction). Hashtags are known to
impact information diffusion [58] and are expected to in-
crease the visibility of tweets.

True if more than half of the tweets in the burst is authored
by a current or past project commit author (we also use
"at least one tweet authored by current or past project
committers’ as alternative construction). In general, the
identity of the creators has a big impact on the popularity
of social media content [6].

True if more than half of the tweet burst contain an URL
pointing to a repository homepage. Following Fang et al.
[26] we assume that such tweets are primarily intended
for promotional purposes, while tweets with links to other
GiTHueE artifacts, most often specific issues, tend to serve
other purposes. See Appendix for the validation of this
approach.

Controls for Concurrent Events

Had official
release

Is GiTHUR

trending

Number of
Google search
results

Burst duration

True if the repository had an official release on GITHUR
during the period of tweet burst or within 24-hour after
the start of the burst.

True if the repository appeared on the GITHUR trending
page during the period of tweet burst or within 24-hour
after the start of the burst. We collect historical records of
trending repositories from a public dataset [52].

The number of Google search results containing the
exact repository slug and originating outside of the
twitter.com domain during the period of tweet burst;
serves as a proxy for the scale of promotion repositories
may have received outside of Twitter.

The duration of tweet burst (in hours). The longer the
duration, the longer the period under observation.

Repository Characteristics

Project age

Project contribs

Project commits

Number of days since the first commit.

Total number of commit authors, excluding obvious
bots [21].

Total number of commits by the previous authors.

Attracted Developer Characteristics

GiTHUB tenure

GITHUBE commits

Has GiTHuB
collab

Twitter tenure

Num. tweets

Ratio original

tweets
Has Twitter

mteraction

Number of days since the new contributor’s first commit
anywhere on GITHUB.

Total number of commits by the new contributor any-
where on GiTHUB.

True if the new contributor ever committed to the same
repository as any of the focal project’s (i.e., the project
mentioned by tweets) committers in the past.

Number of days since the new contributor’s first tweet.
Total number of original tweets (i.e.,, excluding retweets)
authored by the new contributor in the past year.

The fraction of original tweets to all tweets authored by

the new contributor in the past year.

True if the new contributor ever (@-mentioned any of the
authors of tweets in the focal burst in the past year.
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