A Deep Multitask Learning Approach for
Requirements Discovery and Annotation from Open Forum

RINFRRAIFBFBZRWVI:
A=T 27 F=F LD 5DERFER EER

Mingyang Lii, Lin Shil, Ye Yang?, Qing Wang!
lUniversity of Chinese Academy of Sciences, Beijing, China

2Stevens Institute of Technology, Hoboken, NJ, USA

35th IEEE/ACM International Conference on Automated Software Engineering (ASE 2020), pp. 336-348.

BNAE EOBM



=
2

VI b7 ERBENICHEL TV 28HICIT,
dA—HFHh5BENEZ T — RNy IRHKEBEEDREZED ANZHNE

LML, Fyvb, BFX—I, 74— LRBLIEKTBEINDS
RKEDTHFAMT—2D5, FEFTERZHEITADIZ, IFEFICHIHDID S

FDR®, TXFAMIYAIZ=2T, EWMFBELREDOEMZE>T-,
BEICTEREZFHER, 9T 77O0—FHEEI N TL) B [18I5162]

[18] Qiao Huang, Xin Xia, David Lo, and Gail C. Murphy. 2018. Automating Intention Mining. IEEE Transactions on Software Engineering PP, 99 (2018), 1-1.
[51] Lin Shi, Celia Chen, Qing Wang, Shoubin Li, and Barry W Boehm. 2017. Understanding feature requests by leveraging fuzzy method and linguistic analysis. automated software engineering (2017), 440-450.
[62] Radu Vlas and William N. Robinson. 2011. A Rule-Based Natural Language Technique for Requirements Discovery and Classification. In in Open-Source Software Development Projects. Proceedings of the 44th Hawaii International Conference on Systems Science.

2021/6/2 2/13



58 | OSSIcHII3ERMETIOEX

Requirements Discovery Task Requirements Annotation Task
About plasma-widget-stasks
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® modelsave and load giving different result I really don't know if that's the proper place to
. send this info, but I'd like to make a suggestion
about Stasks widget intent

0] h reproducible using tensorflow backend Apparently it's development stopped sometime

about half year ago. explanation

(D About plasma-widget-stasks R But about the same time it was forked into
equirement
' Smooth Tasks, which is really actively developed

with new work in progress snapshots in any few

@ Keras update after single batch which exceeds the GPU memory days. ‘ tanation
: : : It's already much more functional and for me also

(D ‘thread. local' object has no attribute ‘value' error much more stable. | panefit

So I'd like to suggest replacing old Stask with

Smoth Tasks.
@ Keras freezing on last batch of first epoch (can't move to sacond epoch) frent

Regards, = trivia
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