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| Z desnrialreCffsetMic(Sying laiSource Oftset) theows IOExcuption
) / ) / \ I sou’ce m<smm,mm;
¢ QastSourceCOfsal »= nulb || lastSourceOftset isEmpty(|} { e
COde offsaiNap = new HashMap <> [) |
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Names, Parameters of the funcion: MastSourcoOttset)

We categorized the identifiers into different classes. scopes Eﬁm}:"mmﬁmmmw _ ) ;
Please find the information below. Varabin dectatin: (oMo TreeSitter
Function name: OffsetUtil.deserializeOffsetMap Output  «jo.crialize string offset to

Parameters of the function: [lastSourceOffset'] L_Comment Mep:otitableto-offastt

Identifier to be returned: ['offsetMap']

Method Invocation: ['lastSourceOffset', 'isEmpty’, 'JSON_MAPPER', 'readValue']
Method Arguments: ['lastSourceOffset']

Variable declaration: ['offsetMap']
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Please find the dataflow of the function.

We present the source and list of target indices.
String-[9] [11, 15, 23, 25]

Map-[7] [21, 62]

lastSourceOffset-[16] [31, 35, 60]
offsetMap-[27] [42, 54, 69]
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Language #of Training Samples #of Test Samples

‘ I\ [/ — — \/ 7\ 7_— T /}7 Java 164,923 1000
_ < N N - Python 251,820 1000
- 75\ S Ajj L\—'ﬂ?(f: 11— I\ 7&?*—3_ Ruh}.- 24927 1000
e L — I - RN JavaScript 58,025 1000
FRIRIC R BRI N — B j o 1000
PHP 241,241 1000
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Language BM25 BM25+repo BM25+id BM25+DFG ASAF

Comparing with BM25
Gain (%) over BM25 p-value

Java 2287 25.23 23.39 23.13 25.41 #11.11% <0.01
Python 21.78 2421 22.54 21.82 24.26 #11.39% <0.01
Ruby 17.21 19.67 19.19 17.55 19.62 +14.00% <(0.01
Javascript  28.27 25.11 24.21 24.04 25.36 +8.08% <(0.01
Go 22.67 24.41 23.2 2342 24.51 +8.12% <(0.01
FHP 28.15 32.07 208 2892 32.73 #16.27% <0.01
Owerall 22.66 25.12 23.72 23.15 25.32 #11.74% <0.01
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Language Model BM25 ASAP  Gain  p-value
Code-davino-002 2390 2578  +7.87T% <001
Java Text-davinci-003 1898 2231 +1754%  «<001
Turbo-GPT-3.5 1668 1696  +1.68% 0.95
Code-davino-002 2200 2478 +1264% <001
Python Text-davinci-003 1674 1893 +1308% 0,01
Turbo-GPT-3.5 1501 1638  +9.13% =001
Code-davino-002 2842 33,52 +1795%  <0.01
PHP Text-davinci-003 2167 2572 +1869% <001
Turbo-GPT-3.5 1848 1999 43.17% =001
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Language # of Samples Exact Match (EM)

Edit Similarity (ES)

JASAP . JUSAP .
Zero-shot [ 4 -val Zero-shot | L id al
roTshe (Zero-shot) ain (%) p-value romshe (Zero-shot) an (%)  p-value
Java 0202 20.75 22.12 +6.6% (.01 55.35 539.66 +7.79% (.01
Python 6550 14.05 14.58 +3.77% .13 4971 50.12 +0.82% (.01
Owerall 15842 17.97 19.01 +5.70% (.01 53.01 55.72 +5.11% (.01
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Language BLEU-];'IC RDUGE.—L METE(_]R
BMz5 ASAP (Gain (%) p-value BM25 ASAF Gain(%) p-value BM25 ASAFP Gain(%) p-value

Java 1409 1594 +13.13% =0.01 36.85 38.41 +4.23% <0.01 3566  36.10 +1.23% 0.32
Python 1263 1449 +14.73% =0.01 3532 37.74 +6.85% =(0.01 33.05 3563 +781% =0.01
Ruby 9.16 11.01 +20.2% =0.01 28.19  30.55 +8.37% =(0.01 27.65 2920 +561% 0.03
JavaScript 14.89 16.71 +12.22% =0.01 32.28 33.88 +4.96% =0.01 32.08 33.02 +2.93% 0.15
Go 17.10 18.57 +8.60% =0.01 41.04 42.43 +3.39% =(0.01 36.78 37.26 +1.31% 0.27
PHP 1697 20.63 +21.57% =0.01 4048 4490 +10.92% =(0.01 40.14 43.35 +8.00% =0.01
Owerall 14.14 16.23 +14.78% =0.01 35.69 37.99 +6.44% =(0.01 3423 3576 +44T% =0.01
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