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Hand labeling
Label Train set | Test set
Bug 47 24% | 53 27%
Feature 60 30% | 55 28%
Question 44 22% | 47 24%
Documentation | 33 17% | 32 16%
Discarded 16 8% |13 7%
Total 200 200

- 41EFHD TN (Bug, Feature, Question, Documentation) &,
DRETELEMN>T2H D (Discarded) T
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You are provided with a GitHub issue in this format:
Title : """the title of the issue"""

the body of the issue
You have to assign it a label.
Possible labels are: {label list}

The "bug" label is used to identify an issue report that describes a problem or error within the
software or codebase. It indicates that something is not functioning as intended or producing unexpected
results. Bug reports help developers identify and fix issues to improve the overall quality and
reliability of the software.

The "feature" label is applied to an issue report that suggests the addition or enhancement of a new
capability or functionality within the software. It indicates a request for the implementation of a
specific feature that does not currently exist. Feature requests help the development team understand
the needs and requirements of the users and can influence the future development roadmap.

The "question" label is used when a user or contributor has a query or needs clarification regarding
the software or codebase. It indicates that the issue report is seeking information, guidance, or
assistance. Questions can be related to functionality, usage, best practices, or any other topic that
requires clarification.

The "documentation" label is applied to an issue report that suggests improvements, updates, or
corrections to the software's documentation. It indicates that the issue is focused on the written
instructions, guides, or explanations provided alongside the codebase. Documentation issues help ensure
that the information available to users and contributors is accurate, comprehensive, and up-to-date,
thus facilitating better understanding and adoption of the software.

The "discard" label is used when you can't decide due to lack of information contained in the issue.

Title: nmn "{title}ll nmn
BOdy: llllll{body}llllll

{output_format_instructions}
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- Zero-shot
4k-0301 4k-0613 16k-0613
Precision Recall F1-Score | Precision Recall F1-Score | Precision Recall F1-Score | Support

Bug 0,66384 0,9509 0,7850 0,7100 0;9792 0,8232 0,7133 0,9811 0,8261 | 53
Documentation 0,9488 0,5511 0,6971 0,8627 0,6149 0,7180 0,8853 0,6191  0,7285 | 32
Feature 0,8916 0,8018 0,8442 0,8333 0,8527  0,8701 0,8861 0,8491 0,8672 55
Question 0,7849 0,8438 0,8129 0,8869 0,7594  0,8181 0,8668 0,7719 0,8164 | 47
Micro avg 0,7899 0,7882 0,7891 0,8137 0,8128 0,8133 0,8155 0,8155 0,8155 | 187
Macro avg 0,8234 0,7869 0,78438 0,8370 0,8016 0,8073 0,8379 0,8053 0,8095 | 187
Discarded prediction 0,2% 0,11% -
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* One-shot

4k-0301 4k-0613 16k-0613
Precision Recall F1-Score | Precision Recall F1-Score | Precision Recall F1-Score | Support
(a) Without label explanations in the prompt
F% N)LD E}E BH | Bug 0,7212 0,9792  0,8305 0,7115 0,8302 0,7658 0,7049 0,8358 0,7643 53
(p?) % /E—\(yb AN Documentation 0,9360 0,6128  0,7400 0,8500 0,5745 0,6839 0,8380 0,5553 0,6674 32
Feature 0,8541 0,8491 0,8513 0,8862 0,6564  0,7524 0,9105 0,6582 0,7625 55
Question 0,8316 0,7375  0,7813 0,5204 0,8438 0,6416 0,5296 0,8688 0,6569 47
Micro avg 0,8123 0,8075  0,8099 0,7175 0,7171 0,7173 0,7195 0,7187 0,7191 187
Macro avg 0,8357 0,7947  0,8008 0,7420 0,7262 0,7109 0,7458 0,7295 0,7128 187
Discarded prediction 0,59% 0,05% 0,11%
(b) With label explanations in the prompt
. -, Bug 0,7332 0,9792  0,8385 0,7018 0,8774  0,7791 0,7006 0,8962 0,7863 53
'BINILDEEAI  Documentation 0,9208  0,6426 0,7566 | 0,8196  0,6234 0,7074 | 0,8310  0,6064  0,7010 | 32
(p7) % /E\fb = Feature 0,8664 0,8255 0,8453 0,8750 0,6709 0,7582 0,8687 0,6909 0,7689 55
Question 0,8570 0,7406  0,7939 0,6454 0,7875 0,7066 0,6516 0,7594  0,7006 | 47
Micro avg 0,8231 0,8086  0,8158 0,7502 0,7374  0,7437 0,7546 0,7396 0,7470 187
Macro avg 0,8443 0,7970  0,8086 0,7604 0,7398 0,7378 0,7630 0,7382 0,7392 187
Discarded prediction 1,77% 1,71% 1,98%

- Zero-shot& [FERDHFWETIL (4k-0301) OALNBES
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fax | ChatGPT vs SETFIT

SETFIT GPT-3.5 (16k-0613), zero-shot
Label Precision Recall F1-Score | Precision Recall F1-Score | Support
Bug 0.8723 0.8472  0.8590 0,7133 0,9811 0,8261 95
Documentation 0.9039 0.6594 0.7616 0,8353 0,6191 0,7285 32
Feature 0.7494 0.9182 0.8251 0,8861 0,8491 0,8672 | 55
Question 0.8754 0.8319  0.8528 0,8668 0,7719  0,8164 | 47
Micro average 0.8321 0.8321 0.8321 0,8155 0,8155 0,8155 187
Macro average 0.8502 0.8142  0.8246 0,8379 0,8053  0,8095 187
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