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1| Message:

319c868

Fix evaluation of MATCH expressions with
eval ()
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Number:

Title:

Body:

Event:

7160

Incorrect MATCH result with if/eval on
a datetime value

Except for the first query (without any
if/eval), all subsequent queries
incorrectly return no results.

In the repro section, all MATCH queries
are equivalent and should produce
identical results: returning one row
with all of the created vertices in it.

<developer> closed this as completed
in 319c868 on <date>.

Fig. 1: Correlation between commit and issue.
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TABLE I: Generation performance for ExGroFi-enhanced commit message generation models.
BLEU ROUGE-L METEOR CIDEr
mlodel Ori.  Enh. Imp. Ori.  Enh. Imp. Ori. Enh. Imp. Ori. Enh. Imp.
CodeBERT [23] 881 9.09 3% 1585 1605 1% 4.75 5.0 3% 0.09 0.11 | 22%
CodeBERTa (57 843 850 @ 1% 1486 15.66 @ 5% 4.92 5.12 4% | 0.09 0.11 | 22%
unixcoder [58’ 946 954 | 1% 17.04 17.59 | 3% X7 6.18 11% 0.14 0.16 | 14%
encoder-only average 8.9 .04 @ 2% 1592 1643 @ 3% 5.08 5.43 7% 0.11 0.13 peES=.
CodeTrans-small [24] 11.08 12.66 | 14% 18.62 20.84 @ 12%  7.98 9.07 14% 03 046 | 53%
CodeTrans-base [24 19.27 2037 F6% | 27.34 28.53 4% 16.37 1831 = 12% 1.0 1.08 @ 8%
CodeT5-small [25] 11.40 12.59 | 10% 20.70 22.68 @ 10%  8.86 10.02 | 13% | 036 049 | 37%
CodeT5-base [25] 1996 2094 | 5% 30.07 3146 | 5% 1699 18.39 | 8% 1.04  1.11 | 7%
RACE [19] 21.06 2247 | 1% | 30.17 36.09 | 20% 17.23 18.64 8% 1.14 151 | 32%

encoder-decoder + hybrid
average

16.55 17.81 = 8% 2538 2792 @ 10% 13486 14.886 | 10% 0.768 093 | 21%

“Ori.” means Original; “Enh. ” is Enhanced; “Imp.” indicates Improvement.
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TABLE I1I: Result of human evaluation.
Indicator | Win (N-%) Lose (N-%) Tie (N-%) Kappa

amiE (Why) [L35.(0%) | 10 20%) | 5(10%)  0.70
SFEME (What) | 25 (50%) | 14 28%) 11 (22%)  0.67
B2 | 21 42%) 20 (40%) 9 (18%)  0.65
XA | 17 34%) | 17 34%) 16 (32%)  0.66

N is short for number; % indicates percentage.
Rat. means Rationality. Comp. is Comprehensiveness.
Conc. is Conciseness. Expr. represents Expressiveness.
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TABLE IV: Examples that demonstrate ExGroFi’s effect.”
Before | Add support for custom field.
1 | After | Fix TimingKeyI to reclaim the memory.l
Issue ... There 1s no mechanism to reclaim the memory after the filters are unreachable ...
Before | Reduce visualisation to fix_issue.
2 | After Fix exception with errorl handler in Mono.subscribe(). I
Issue ... Error handler in Mono.subscribe() should handle exceptions thrown by subscriber ...
Before | Update process instance.
3 | After I&bug when starting process instance.
... No tenant 1s set when starting process instance ...
... EXpect a tenant user can start a process instance in task application

Issue

“Before” and “After” represent the commit messages generated by the model before and after using ExGroFi, respectively.
“Issue” provides part of the text in the related issue; among them, the red text indicates the actual state, and the green text indicates the expected state.
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TABLE II: State information extraction performance

G U T BRZ(E S VS

ENENS

Approach codebert + issue type
P 56.90 58.93
ét(:tl:aal R | 63.46 64.71
F1 | 60.00 61.68
P 80.77 84.91
g;‘:g“ed R | 72.41 77.59
F1 | 76.36 81.08
Micro-F1 68.18 71.56
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