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me = ‘example@gmail.com’;

$password = ‘pwdexample’;
$mail->SMTPDebug =0;
$mail->isSMTP();
$mail->SMTPAuth = true;
$mail->Host = $host;
$mail->Username = $username;
$mail->Password = $password;
$mail->SMTPSecure = 'tls";
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Table 1: Performance of the Password Model

Precision | Recall | F1-score
Human-chosen 98.54% 96.86% | 97.69%
Random 99.21% 98.92% 99.06%
Ordinary 91.29% | 96.08% | 93.62%
Marco-Average | 96.35% | 97.29% | 96.79%
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Figure 4: Performances of different classification methods
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PassFinder | Regex-based
Detected passwords 390 3,621
# True Positives 318 224
# False Positives 72 3,397
# False Negative 77 171
Precision 81.54% 6.19%
Recall 80.51% 56.71%
F1-score 81.02% 11.16%

[7] Solarwinds github password. https://www.theregister.com/2020/12/16/ solarwinds_github_password/, 2020. [Online; Accessed on 02/04/2022].
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WPrecision MRecall MF1-score Languages | Precision | Recall | F1-score
. e PHP 94.62% 94.62% | 94.62%
- JavaScript | 95.59% | 95.43% | 95.51%

Ruby 95.29% 96.10% | 95.69%

Python 94.41% 93.93% | 94.17%

Java 94.76% 95.08% | 94.92%

C# 95.72% 90.40% | 92.98%

C++ 91.81% 387.16% | 89.42%

TypeScript | 92.46% | 89.32% | 90.86%

Golang 87.94% 93.27% | 90.53%

C 88.89% 89.64% | 89.26%

CNN Average 93.15% | 92.50% | 92.80%
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