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Cloning Code from the Training Set?
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/+ cloned code =«/
if (s != null)
{

try {
return Integer.parselnt(s);

/+ cloned code =/ } catch (NumberFormatException e) {

errorFragment = new ErrorFragment() ; }
Bundle msg = new Bundle () ; 5 I
msg. putString ("msg", ex.getMessage ()); return null;
errorFragment .setArguments (msg) ; o
getSupportFragmentManager () . beginTransaction () g* spected pUediofion o

.replace (R.id.message, errorFragment).commit() ; Taicmer Agieosvel =

OptionAdvanceParser . DEFAULT_INTERVAL;

/« expected prediction «/ if (optionSet.hasArgument("interval")) {

{ interval = (Integer) (optionSet.valueOf("interval"));
errorFragment = new ErrorFragment() ; if (interval < 1) |
Bundle msg = new Bundle () ; throw new IllegalArgumentException("Interval
msg . putString ("msg", "No or poor internet connection."); cannot be set below 1.0");
errorFragment .setArguments (msg) ; }
getSupportFragmentManager () . beginTransaction () }
.replace (R.id . message, errorFragment).commit() return interval:
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