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Category Method LLM Model | pass@1 Score
GPT-4 32.00%
:"“P“SE‘:I Grﬁ‘“pth_'b“ﬂfd GPT-4o 33.45%

pproac etrieva
Claude 3.5 16.36%
Sonnet

Local File GPT-4 20.73%
(Infilling) GPT-3.5 17.82%
Baseline Local File GPT-4 17.45%
(EvoCodeBench) (Completion) GFI-3.5 15.64%
Without GPT-4 7.27%
Context GPT-3.5 6.55%
Qwen2 19.34%
CodeXGraph m;?f:’;:‘::leﬂ DS-Coder 25.47%
GPT-40 36.02%
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