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Fig. 1: Approach overview.
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raw source code

public PageProperties getProperties() {
if (hasProperties()) {
return properties;
} else {
y return null;

abstracted code

public TYPE_1 METHOD_1 ( ) { if ( METHOD_2 ( ) )
{ return properties ; } else { return null ; } }

Fig. 2: Example of abstraction.
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Beam Perfect Predictions BLEU-4 Levenshtein distance
Size # % mean median  st. dev. mean median  st. dev.
1-encoder
1 50 2.91% 0.7706 0.8315 0.1929 0.2383 0.2000 0.1670
3 156 9.07% 0.8468 0.8860 0.1419 0.1726  0.1454 0.1427
5 200 11.63% 0.8644 0.8980 0.1317 0.1554  0.1271 0.1348
10 271 15.76% 0.8855 0.9145 0.1166 0.1355 0.1092 0.1247

2-encoder
1 209 12.16% 0.8164 0.8725 0.1863 0.1849 0.1422 0.1734
3 357 20.77% 0.8762 0.9244 0.1484 0.1321 0.0838 0.1468
5 422 24.55% 0.8921 0.9376 0.1351 0.1173 0.0696 0.1366
10 528 30.72% 0.9142 0.9543 0.1169 0.0953 0.0519 0.1204

TABLE II: Quantitative results: Perfect predictions, BLEU-4, and Levenshtein distance achieved by the models
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