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Human Motion Generation Results: Dataset Size 64, with 100% Synthetic Augmentation
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Human Motion Generation Results: Dataset Size 2794, with 25% Synthetic Augmentation
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Self-Correcting Self-Consuming Loops for Generative Model Training

Iterative Fine-tuning
with Self-Correction

Ground Truth Baseline [terative Fine-tuning
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Iterative Fine-tuning with Self-Correction
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